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supporting data-intensive scientific discovery, the new format of knowledge service is quietly taking shape. Text
mining as the core of knowledge service is facing challenges under the environment of new knowledge service for-
mats. This paper aims to discuss the development strategies of using text mining to carry out knowledge services in
the new environment. [Method/Process]This paper sorts out the technical framework of text mining, and demon-
strates that text mining is gradually maturing. Using the research and practice in the field of agriculture as a case
study in such areas as information retrieval, intelligent question-answering, information monitoring and knowledge
extraction, text mining has shown a good performance in scientific and technological innovation and industrial ap-
plications. [Results/Conclusions] This paper puts forward the knowledge service technology development strategies
according to China's conditions: (1) constructing a specialized knowledge service system based on text mining tech-

nologies, (2) attaching importance to the construction of corpora and basic knowledge bases, and (3) giving priority

to implementing the deployment of knowledge service technologies in key areas.
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Table 1 Comparison of text mining models and workflows
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Fig. 1 Main methods and applications of text clustering
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